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sequences from Stackoverflow posts. up with HTML tags.
» Use activations of hidden layer of SRN
as text embeddings.
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Nearest neighbors in embedding
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Code blocks are delimited via HTML .o
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Flvegram tﬂpUb data table has integer values a
» Converted markup into labeled A i 5 02,9,%,5. o all these vaiues -
character seguences. ugmented teature set eating lots of private methods a
D el . CRF For each of the K = 10 most active units or more different data sources c
ine: Train ' red _ - TP
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Evaluation Results Conclusion
Embeddings trained on » Created datasets and models for labeling
o .
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